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UNDERSTANDING NETWORK ANALYSIS

Network diagrams are used to reveal structures and behaviors

within a sys’cem. Actors in a sys’cem, such as people, goocls or orga-

nizations, are represen’cecl as nodes or vertices. Rela’cionships or

transactions between nodes are represen’cecl as links or lines. Net-
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The MILES 2014 SNA reveals a relatively centralized network in which institutions are clustered around a
BETWEENNESS CENTRALITY
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indirectlyv connected nodes, and the overall
Y ! central administrative group. Underlying collaborative networks reflect a more decentralized structure that

connec’ceclness O:E .I:he ne’cwork. may allow for qgﬂe management conducive to long—’[erm planning. Howewver, it is possible that removal or

ABOVE
o MEAN loss of some of these nodes could fragment the network.
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e [ESS THAN ONE STD Network Anqusis has been qpplied to a broad range of disciplines contributing to greater understqnding

DEV BELOW MEAN

CLUSTERING COEFFICIENT

A node’s clus’cering coefficient refers to the

of social, ecologiccﬂ and physiccﬂ networks. Recenﬂy, network ancﬂysis has been qpplied to the management

THE ABOVE VISUALIZATION MAPS INTEGRATIVE CONNECTIONS BETWEEN MILES PARTICIPANTS. NODE COLOR INDICATES THE
PRIMARY COMPONENT TEAM OF EACH INDIVIDUAL. NODE SIZE INDICATES THE BETWEENNESS CENTRALITY. NODES WITH HIGH
BETWEENNESS CENTRALITY MAY INFLUENCE THE OVERALL NETWORK BY FUNCTIONING AS EITHER TRANSMITTERS OF
INFORMATION TO DISTANT AREAS OF THE NETWORK, OR BOTTLENECKS IN COMMUNICATION FLOW.

of ecosystem services through networks of governing orgcmizoﬁrions or stakeholders influential in resource

. . . , management and planning. Currently, MILES is attemptin e network science as a guiding field from
proportion of links present in the node’s ego J i e ° pHRg = TerE v o gmamg e
which to draw baseline assumptions for inquiry into the structural and interactive characteristics of coupled

ne’cwork—a subsef ne’cwork C°n315hng O:E social and biophysiccﬂ networks to idenhfy the presence of central points at which feedbacks between social

and ecologiccﬂ networks are most sensitive.

only those nodes with which a node is di-
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rec’cly connected and the connections be-
tween those nodes. The higher the Propor-

tion of connections within the ego network

the higher the clus’cering coefficient.

THIS PROJECT SUPPORTED BY IDAHO NSF EPSCOR GRANT NUMBER IIA-1301792 - MANAGING IDAHO’S LANDSCAPES FOR ECOSYSTEM SERVICES (MILES)



